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[ Straight at the intersection following the ambulance. ]
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[ Turn right at the intersection, following the ambulance. ]
SR O W AL

[ Turn right at the intersection, following the human group. ]
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[ Straight at the intersection following kawasaki ninja. ] [ Turn right at the intersection, following the human group. ]
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[ Straight at the intersection where kawasaki ninja is located. ]

[Turn right at the intersection where the human human human .... ]
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