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Abstract Image caption generation is a task to generate explanatory text for input images, which is used for automatic
generation of news sentences and tags for image search. In addition, in order to reduce the psychological burden on passengers,
automonous driving is also expected to be applied to provide verbal explanations of the decision-making basis for driving
control. On the other hand, the image caption generation so far has been limited to captions for the input images and has not
generated captions that can occur in the near future. In automonous driving, it is more important to generate captions for events
in the near future than for the current time to prevent accidents and alert passengers. In this paper, we propose a new task
of near-future caption generation and a model suitable for generating near-future captions from images captured by in-vehicle
cameras. We showed that near-future caption generation is possible in evaluation experiments using the Berkeley Deep Drive

eXplanation Dataset.
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