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Σ

Decoder

LSTM

LSTM

LSTM

LSTM
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時間方向の伝搬

空間方向の伝搬

(−#,+&) (+#,−&) (−#,−&)

DAG-LSTM : t-1

特徴マップ 特徴マップ

特徴マップ
DAG-LSTM : t

(+#,+&)
空間方向の伝搬
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ƑǔǖĎß�ĦCĵŘBNnŌƬžĺ[%] 
Ďß�Ħ ŦIƯI «�ŸĀ ]}dŸĀ üÚ IoU 

A2 Ĉĸ 92.4 60.3 52.8 
AP Ĉĸ 91.9 58.6 50.7 
A2 Dilated 92.2 61.5 54.1 
AP Dilated 94.3 62.4 56.2 
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360 Āk�gfilB(.nĎß�Ħnil�

�]Cĵ»čTĿƜ4n8KǒÈ�Ħ°şCĵŘ

BNnŸĀ?ĈĸĔő?Cƣ³ŸĀTŌƬ4nǓ

Ďß�ĦCĵŘBNnƣ³ŸĀCŌƬTƑ 1 BŮ 
4ǓƑ 1 NPǒDilated Convolution ?Ďß�Ħ°ş

Tðª4nL?>ǒƣ³ŸĀGÌ�2=%nǓĈ

ĸCŦIƯI°şCàÉǒĎß�Ħ°şTƏCL

?>ŸĀG��2=%nǓ�įǒDilated Convolution 
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%nL?GS)nǓ�>i SegNet ?ŌƬ2=üÚ 

正解画像

FCN

PSPNet

提案手法

入力画像

SegNet

U-Net
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Ƒ 2ǖĈĸĔő?CŌƬžĺ[%] 

 «�ŸĀ ]}dŸĀ üÚ IoU 

FCN 92.5 58.5 52.1 
SegNet 92.4 55.2 48.9 
U-Net 93.8 60.2 54.4 

PSPNet 93.5 61.6 55.1 
ġĽĔő 94.3 62.4 56.2 
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