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Depth #Semantic #Occluded Area #Grasping Robotic bin
Dataset ‘ #Sample | Image | #Class | #Bbox | Segmentation Label | Segmentation Label Label Grasping Dataset | picking
Cornell University

The Grasping Rectangle Dataset[1] 1035 v 280 - - 1035 v
UC Berkeley APCOS[2] 600 27 600 - - v v
MIT Grasping Dataset(JERF /Y F)[3] 778 v - - - 778 v v
MIT Grasping Dataset(lR& /> F)[3] 1837 v - - 1837 v v
JSK Laboratory Dataset[4] 00 40 - - 00 - v v
ARC Multi-task Dataset 1500 v 40 14,824 1500 14,824 v v
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Mask R-CNN 80.2 65.3 56.9 45.9 36.6
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