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Algorithm 1 Algorithm of proposed approach

1: V {.’Einit}; E + @;
2: forn=0to N do
3: T + (V, E);

4: Trand < Sample(n);

5: Tnearest < Nearest(T, Trand);

6:  Tnew < Steer(Tnearest, Trand,1);

7: if ObstacleFree(Tpearest; Tnew) then

8: V —VUZnew;

9: Tparent < Tnearest

10: Xnear < Near(T, Znew, |V])

11: for all x,cqr € Xpear do

12: if ObstacleFree(Zpear, Tnew) then
13: ¢+ Cost(Tnear) + Cp(Tnew, Tnear)
14: if ¢/ < Cost(Zpew) then

15: Tparent < Tnear

16: end if

17: end if

18: end for

19: E + EU{Znearest, Tnew };
20: for all 2/ € X,c0r \ {Zparent} do
21: if ObstacleFree(Tpew, ) and

Cost(z') > Cost(2’) + ¢p(Znew, z") then

22: E « E\ {(Parent(z’),z')}
23: E + EU{(Znew, ')}
24: end if
25: end for
26: end if
27: end for

28: return T = (V, E);
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