HEA TS (b
THE INSTITUTE OF ELECTRONICS, TECHNICAL REPORT OF IEICE.
INFORMATION AND COMMUNICATION ENGINEERS

(B A AR PR 2 o 7o BREERER 2> © O PR GE R BT

e GAET

T R T 487-8501 ZAHIE HAHTAAET 1200
E-mail: thf@cs.chubu.ac.jp

HS5FL AFETIE, BEIRAE 2 7 PR & OMEFEEREM E LT, K4 v 27 727 F2Hui- Ui e
PRI 2 D 72 AR TR IS D W ORS T 5. PRI D> & O AR, AWRERN, BRSO iREE O 7
w—ffWDﬁATw577n—%#%,H—A%@Aﬁ?ﬂ%xm%ﬁéhkk@é%ﬁm@7w:UxA#@w
FENAIC OV THIANT 2. FHlEHN L5036, TR LR AEOMAGHORIC L 2TBRFEDO LS AP R Y v
MMZDOWTRT,

F—T7—K HEEESR, KA b7 TR, BEWEE,

Witwt, BhfEadak, AELSHEE

[Invited Talk]Object Recognition with Depth Image by Machine Learning

Hironobu FUJIYOSHI'

1 Chubu University, 1200 Matsumoto-cho, Kasugai Aichi 487-8501 Japan
E-mail: thf@cs.chubu.ac.jp

Abstract This paper presents object recognition with point cloud and depth images, and its trends. There have
been many various researches with depth information for detecting human, analyzing human flow, and recognizing
action. In this paper, we report that machine learning with depth images obtains better performance than that
with gray-scale images. We also present a human pose estimation method used for practical application such as
gesture interaction, and discuss trends in depth image processing.
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