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Abstract We propose a Convolutional Neural Network (CNN)-based method to ensure both robustness to varia-
tions in facial pose. Although the robustness of CNN has attracted attention in various fields, the training process
suffers from difficulties in parameter setting and the manner in which training samples are provided. We demon-

strate a manner of providing samples that results in a better network. Experimental results indicate that the subset

with augmentation technique has sufficient variations and quantity to obtain the best performance.
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