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Simultaneous Human Detection and Action Recognition based on

Boosted Randomized Trees
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Abstract [ To understanding human behaviors, human detection, pose estimation and activity recognition are
important technologies. However, most of the researches are deal with these topics independently. There has been
few works done from human detection to human activity recognition in one framework. In this paper, we have
proposed “Boosted Randomized Trees” that can detect human while simultaneously estimate poses and recognizing
activities, in one framework. The proposed algorithm can select efficient features for multi class recognition by
recognition class set definition using class likelihood and preliminarily feature selection with Joint Boosting in node
generation of Randomized Trees. In this approach, it detects human in upper nodes of decision tree and estimates
pose and recognizes activity in lower nodes of one. The performance of proposed method is a better detection and
recognition rate than the conventional Randomized Trees.

Key words [ Randomized Trees[ Joint Boostingl] Human detection[] Activity recognition
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