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Abstract This paper proposes an object detection that uses a new type of feature called Relational Binarized
HOG feature(RB-HOG), and binary selection with Real AdaBoost. HOG features are effective features for human
detection, but their focus on local regions makes them high-dimension features. Therefore, to reduce the amount of
feature dimension, this paper proposes a new type of feature called RB-HOG feature that creates binary patterns
from the HOG features extracted from two local regions. This approach enables the created binary patterns to
reflect the relationships between local regions. However, since RB-HOG features contain binary values not needed
for classification, we have added a process to the Real AdaBoost learning algorithm that permits the two binary
values of “0” and “17”, and selects valid binary values for classification. The results of our evaluation testing demon-
strated that our method offered the same or better detection precision as the conventional method (HOG feature)
despite managing to reduce the amount of memory.
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