ogooooooobbbibibd Jont-HOGU OO DO OO

U0 gdgbb ogbobb oobbo bbobbuowob gobobboooooboo
oooo

Object Detection by Joint-HOG Based on Relations between Multiple Features
Hironobu Fujiyoshi, Yuji Yamauchi, Tomokazu Mitsui, Sho Ikemura (Chubu University)
Takayoshi Yamashita (OMRON Corporation, Chubu University)

Abstract

This paper presents a method for detecting people in a video using a Joint-HOG feature, which represents co-occur-

rence between multiple HOG features. Capturing the co-occurrence feature of Joint-HOG feature makes it possible

to construct the effective human detector. We also describe effectiveness of multi-resolution HOG representation,

co-occurrence of spatio-temporal features, and co-occurrence of depth information obtained by a TOF (Time of Flight)

camera.
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Fig.1. Learning method transition and features.
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Fig.2. Structure of region with HOG.
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Fig.3. Feature representation for detecting people.
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Fig.6. Co-occurrence of HOG features of multiple reso-

lution images.
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