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Abstract
SIFT(Scale Invariant Feature Transform). Our approach uses the Mean-Shift search-

This paper presents a method of point feature tracking using

ing to track a point based on the information obtained by SIFT. Since the SIFT
feature is invariant to changes caused by the rotation, scaling, and illumination, we
can obtain higher tracking performance than the conventional approach. Using the
trajectory of the points obtained by the proposed method, it is possible to visualize

the traffic line of pedestrians.
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