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Fig.7 Examples of INRIA person dataset.

672

i, B-HOG #E% T 5 &, REFFIELE
Tk LTI EIH 54% L4 84% M L L7z,
UEnZ &b, HOG Fiffim & Bl L & Wi
& D 2ME(LT 2 OATIEMBERRIMET 575, 12
BT L AN 2 B OF Ml %8 A§ 5
Z & T HOG Hifit % Lo 2255 2 & A7 C
&7,

ZL T, 2o 2 EILhES R HAIIBWY
T FABDOHERIE SN, FPPW 471072 128\ T
R-HOG H#m & R-HOG i x N — R & L%
Fihe T 5 L, BEMHES 3.0% M LTS
ZENGDA.

D Eo#RLY, REFHIIERTEL Y b SRHEZR
BATEME DT RETH B 2 L #FE L7z, kD 2 H
ek vz FECl, BlRERTH 2 2 55
Fla I Lz LTIk . 2070, Bl
7o 2 fERF B HI M & O BT 2 EIFFH L L
TEM S N/E, RPIENCIZBI S 7z 2 551
DHhEEET L7720, BNFRPKE (LD LR
Bhotz, —J7, RETHEITEW L2 2 BB
TO 2 MEHFHNC EOREOTREN: CERT 200 % T
WEDLZENTELIL—LT—0bhoTND., 2
B EHIDERBIE, B TUhSELND 2 -
B ETRED SRR L BB ) BRIt
{728, EBICRI ) 2T\ 2 HF5H 0B O §E
PEEEBLTWD, 2070, 2EFSHIATS 90
HECho 2 EHFFHE LBl S SAICBWT
b, TOEREAMNHT LI ENTES.

1.0
~
0.5
o
©
4
(7]
202
E ",
—— Conventional method 1 : HOG SN
(LI | e Conventional method 2 : B-HOG \Q\ 3
-------- Conventional method 2 : R-HOG X
— - Proposed method : B-HOG \
— - Proposed method : R-HOG
0.05
10° 10" 10° 10”

False Positive Per Window
8 EEROMHED DET 7 —7
Fig.8 DET curves of experiment.



3/ EFAUEREICIED CER W ) ' TV ZHA L G ORE

g
B 50 50
2
= e
o]
é 40 i 40
2 &
g 4
230 30
3 &
5]
= £
© 4
5 20 20
5 20 30 40 50 20 30 40 50
Error before using transition likelihood[%]  Error before using transition likelihood[%]
(a)B-HOG (b)R-HOG

RO 3k (9) £k (11) ORMIIEE KL/ T 71270y
b L7ZZRER. 7ay b SNFzmid, skl EAR D
FMmAFEE KT, (a) & B-HOG FtE, (b)
¥ R-HOG i X—2A & LT 5.

Fig.9 The graph of error computed from equation
(9) and equation (11). The ploted points are
represented equal error rate. (a) B-HOG fea-
ture base. (b) R-HOG feature base.
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