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1, Input: Labeled training samples I.

2, Initialization:
Initialization of sample weights D1 (z).

3, Training:

Fort =1,---,T //Number of weak classifiers.
//Combination number of cell regions.
3.1, Forr=1,---,R

//Number of shifts.

For s =1,---,8
//Binary pattern with wild-card “x
Foro=1,---,0

»

3.1.1, Calculate the probability density
functionsW, W_.

3.1.2, Calculate the score Z.

End for
End for
End for

3.2, Select weak classifier h(x).
3.3, Update sample weights D¢ (7).
End for

4, Output: Strong classifier H(x).
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Fig.7 Training algorithm.
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Image size | Cell size | Block size

Dataset Orientation

[pix.] [pix.] [cell]
INRIA [6] | 64 x 128 | 8 x 8 2% 2 8
Vehicle [21] | 72 x 54 | 9 x 9 2% 2 8
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