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aging (FedAvg) [1] & — +BIf%2 4T Through Gate &
L THFEICEMRE R Ko 7Y B A TH 5 FML V5.
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EERLT, =Ny FERROT—2DY > 7)) > 7ER
YIRAETAREFET 3.

INHDRERFIER, F—RESLHOERERRT — XN
SV RABRER L -EMFEI Lo THEERA LB T WS
L LEss, 77 AMOBREEZZEELTRAT —X%
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c0s(Va,Vp) = ——
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» L U TRABIRNGA—LKidr =308, n=4 || VITRBERNITA—R:dr=3EEH n=2
U7 RBER/NT A=K dr = H8ERE, n=3,1=1 ~ i AN A

I
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X 2: 7oA EZER L ES Y 7 2038 ENE

% 1: CIFAR-10 i8I 2 8% (%)
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misxup ‘ ‘ 95.53 96.07
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cwnix |, | 87 oaes
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4. FHHEER

ARET i, —fEIREERE L O Long-tailed YRR T —
Xty FEHVWT, BEFEOFEMEL TGS 5.

4.1 —REYMAERERICH T DFEELLLER

—RRERERIC B W T, mixup, CutMix IZIEEFiE%E
BALZBROMRER KT 2. F—&+t v b, CIFAR-
10, CIFAR-100 Zl\V%. % v bU—2ZF 7L, HITD
T =&+ v MZBWT ResNet-32, PreAct ResNet-18 %
AWg., I=NyFH4 013128, =Ry 7503200 &5
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V= ETNMIBII L EMEEO—ORIDEI HEITT 5.
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W, BEZ 52 n %5, TRy ZEBD n ORI % 5
35,

CIFAR-10, CIFAR-100 IZBT 3 & FEDORMEE
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BFEEREBATEZ tu;ofwmﬁﬁﬁmibfmé
Y oT, —WEERICBNT, 7o REEEER L
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NIZFETEL-DTH D L #HEZE
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YINEBRo TR B, 2y P U= ETABLY
FEBE TSRO ER L FETDH 5.
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[1] H. Zhang, et al., “mixup: Beyond Empirical Risk Mini-
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[2] Z.Xu, et al., “Towards Calibrated Model for Long-Tailed
Visual Recognition from Prior Perspective”, In NeurIPS,
2021.
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RT3,

Frankle & [4] I3 Iterative Magnitude Pruing(IMP) 77
EERWTKIRE R Ay VY —22FAD L, JEDE v b
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FROTBZZHMNE LTV, IMP EIZ AT X —XD
HoEoREXT, EEEEFHEL, N 2175 FET

5. —HT, ELUEIICEDBAND LIzETF IG5
A —ZOHIBRFICLHHI L TREEMET 32 Z e MEH S h
TV [7].
3.REFZE

AWFFETIE, EL URSICHGRAE 2HAEHLET, B
T 263 2 FEERET 3.

3.1 MFEEBHETEL LIRHES

AFFEOTNZR 112RT, £73 Frankle 54ER L7
L UREIC X DRI EF L Z2EAID 5. KIZ, K
ADF2ROKEERET VEHREIET L E L, HEfiTT
A SRR UTHEE O TEA D Ul MR s T 1%
FETZ. ZhASDIMNOFME L TITRT.

Stepl. WHARHEF L DT X — X ZWHULT 5.

Step2. k TRy ZHEH LRI R =K wy, ZRIFT 5.

W 2

|
| 5. wy%input |
J

I RRFEOFE RN

Step3. Ly PV =2 IR 2 THEEL, HA%E we &
RET 5.

Stepd. wy PTHRMEDHIHEIMENS D SEM D 55, &
HBYRAT m ERIFTS.

Steps. m Qs B bV =7 WAL, KRETLE
55,

Step6. Step3. TRTF L7z we ZdOHUfiET L E L, £
ETAHNRT 2 FTHERAYEL T 3.

HIES T X —2IEK T % £ T, Stepd. 55 Stepb.
FTHEDIRT.

3.2 1RKRREM
R 2RIV 2358, FRIRHI U 22 U 748
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