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IRV R Eﬁi_ﬁ steer : 0.02, throttle : 0.00
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# 1: NoCrash Benchmark FINZED &R [%)]

ES e REAF | CILRS Ours
Training Empty 92 95
o Regular 63 77
condition
Dense 15 25
Empty 92 96
New weather | Regular 64 60
Dense 8 28
Empty 54 66
New town Regular 29 46
Dense 8 12
New town & Empty 72 66
weather Regular 44 42
Dense 8 12
Rz 45.8  52.1
£ 2 BEEHCLZIEY — NRBEOLBHER (%]
EIRGAM: RS LUK | CILRS  Ours
Col. Ped. 9 4
. Regular
Training Col. Veh. 21 11
condition Col. Ped. 21 16
Dense
Col. Veh. 57 47
Col. Ped. 6 14
Regular
Col. Veh. 22 18
New weather
Col. Ped. 14 16
Dense
Col. Veh. 68 48
Col. Ped. 9 9
Regular
Col. Veh. 30 16
New town
Col. Ped. 10 16
Dense
Col. Veh. 68 58
Col. Ped. 6 10
Regular
New town & Col. Veh. 24 16
weather Col. Ped. 14 20
Dense
Col. Veh. 70 52
B Col. Ped. 11.1 13.1
Col. Veh. 45.0 33.3
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