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DCGAN | ACGAN | D2A2-GAN
IS (CIFARIO) | 3.1240.03 | 4.2740.03 | 4.5140.05
FID (CIFARI10) 63.0 281 211
FID (SVHN) 75.7 15.2 15.3

(g) Attention maps (SVHN) (h) Attention maps (CIFAR10)
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