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Algorithm The Adaboost algorithm
1. Input: n, Training dataset (x;,y:)
2. Initialize: wi(i) =1/n(i =1---n), ho(x) =0
3. Dofor t = 1,...,T. e (h) = X0 I(ys # h(@:))we (i)

(a) et(h(y)) = mine:(h)

1—ct(h(y))
(b) ar = $in(* 58

(€) wiy1(i) = we (i) exp(—ohqe) (®i)yi))
4. Output: Final hypothesis with weigl;ts ay

sign(H(x)), where Hr(x) = Z athe(x)
t=1
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