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REERTIX, T— X+ v MZ Caltech Pedestrian Dataset
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AlexNet | 5 3 96~384 | 11 x 11~3 x 3 3500 217.4 | 85.75
EFNL| 4 3 96~384 | 11 x 11~3 x 3 2400 40.3 | 86.15
EFIL2| 3 3 96, 256 | 11 x 11~3x 3 1900 16.0 | 86.18
EFIL3| 3 3 16, 32 | 11x11~3x3 1800 14.0 | 86.78
EF)IL4| 3 2 16, 32 | 11x11~3x3 1500 10.1 | 85.54
EFIL5| 3 2 16, 32 | 5x5, 3x3 900 4.2 | 87.31
EFIL6| 3 1 16, 32 | 5x5, 3x3 500 3.6 | 85.52
EFNVT| 2 1 16, 32 5%x5 3x3 200 2.1 | 87.10
EFILS| 1 1 16 5x5 119 1.6 | 64.32
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[1] J. Hosang, et al., “Taking a Deeper Look at Pedestrians”,
CVPR, 2016.



